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Introduction

» \Videos of presentations are employed in a large variety of systems for
different purposes

e Distance or E-learning

e Automatic generation of conference proceedings

e Student presentations

» Challenges

* Unconstrained camera

* Lack of additional sources of

information

(e.g. electronic copies of slides)
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Optimize for threshold T maximizing between-class variance in sliding window
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* Slides Clipped * Shots cannot be used
* Compression * Not edited
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* Fast implementation with
Integral Histogram [Porikli et al. 05]

» Result: Fully automatic method for summarizing and indexing unstructured
presentation videos based on text extracted from the projected slides

» Integration into summarization and presentation tools such as the VAST

MultiMedia Browser! (see image above)

Proposed Approach

Results

» Slides Text Detection - 500 Frames

8 presentation videos, 1hr 45 mins, ~13 Slides each

{ 400 with text
100 no text
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the slides

* Changes in text used to

assess slide changes
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2. Slides Text Detection
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»Slides Text Recognition - 2276 word
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* Double Text Regions Size

with Bilinear Interpolation
LAO Binarization

1. www.aquaphoenix.com/research/vastmm 2. http://code.google.com/p/tesseract-ocr 3. http://en.wikipedia.org/wiki/Letter frequencies

* Tesseract? OCR Engine
* Training with 15 character sets <
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B Tesseract
LAO + Tesseract

"« Most popular fonts used
in presentation slides
= Text reflecting English

* Height 30pt

_ letters frequencies?
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